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Abstract: The effect of the uncertainties needs to be taken full advantage during uncertain data clustering. An uncertain
data clustering algorithm based on fast Gaussian transform was proposed, to solve the problems about the impact on the
accuracy of clustering results and the clustering efficiency caused by the uncertainties, during the construction of uncer-
tain data models and the distance measurement, which existed in the current researches. First, the data model according to
the characteristic of the uncertainty distribution was constructed, without the premise of assuming the data distribution.
And the similarity between uncertain data objects was measured by combining the two important features of uncertain
objects, attribute features and the probability density function representing the characteristic of uncertainty distribution.
And then the uncertain data clustering algorithm was proposed. Finally, the experiment results on UCI and real datasets
indicate the better efficiency and accuracy of proposed algorithm.
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